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Abstract: 
Based on the previous findings of the relationship between search volume and stock price, we 
doubt about the default assumption that the searches done on weekdays and those on 
weekends have equal effects on stock price. We divide the searches into two groups: weekday 
searches and weekend searches. Based on daily search volume data from Google Trends, we 
try to explore the search weekend effects and its impact on stock price. In a sample of S&P 
500 stocks from 2010 to 2013, we find searches done on weekends are more influential and 
beneficial on future stock price than searches done on weekdays, an increase of searches done 
on weekends rather than weekdays predicts higher stock price in the next week.  
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1. Introduction 

Previous studies suggest that the volume of searches for stocks by search engines like 
Google will significantly associate with short term returns of the stocks. Based on search 
volume index (SVI) from Google Trends, Da, Engelberg & Gao (2011) found “An increase in 
search volume index predicts higher stock prices in the next 2 weeks”. Subsequently many 
studies further confirmed this conclusion (Joseph, Babajide & Zhang, 2011: Drake, Roulstone 
& Thornock, 2012; Vlastakis & Markellos, 2012). We noticed a default assumption in all 
existing studies, that is, searches done on different days are all considered as equal or have no 
difference. Is this default assumption reasonable or reliable?  

In this study, we doubt if searches on weekdays and weekends have different impacts on 
stock price. Searches done on weekdays may differ in many ways from those on weekends. 
For instance, from Monday to Friday (weekdays), many non-professional individual investors 
are working in their office, so they have relatively less time to conduct deeply searching. 
Meanwhile, they will spend less time on each search. But on weekends (Saturday and 
Sunday), the individual investors have sufficient time to search information of their interested 
stocks. Psychological studies show that individuals experience better mood and more 
freedom on weekends than weekdays, which will result in better performance (Ryan, 
Bernstein & Brown, 2010). While on weekdays, more pressure and distraction, less private 
time and space, sometimes result in unthinking decisions. Additionally, ordinary people 
would like to enjoy entertainments in weekend. Thus, most of the searches on weekends 
should be done by the keen individual investors, who spend more time on researching stock 
market than others. We therefore suspect that searches done on weekends may have a higher 
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quality than searches done on weekdays.                
 
2. Weekend Effect  
2.1. Mood Weekend Effect 

Existing psychological studies support the existence of weekly cyclicity in mood (Cranford 
et al., 2006). Rossi and Rossi (1977) found that positive moods were higher on Friday 
through Sunday. Furthermore, several studies also found many people experience lower 
moods at weekdays than weekends (Alliger & Williams, 1993; Geurts et al., 2003). Current 
findings, as Ryan et al. (2010) indicated that people have more positive mood and less 
negative mood on weekends, while Monday’s mood is worse than that of other days of the 
week. Ryan, et al (2010) revealed that the work activity and vitality is significantly higher 
from Friday evening through Sunday afternoon, and accompanied fewer physical symptoms 
during the same time. In addition, people have less positive and more negative moods when 
at work than when not working, meanwhile, the perception of competence is also lower in 
working time than nonworking situations.  
 
2.2. Search Weekend Effect 

Weekend is the time for relaxation rather than working, searching is no exception. 
According to our statistics based on the daily search volume data from Google Trends, the 
search behavior of stock code during a week changes a lot. The average ratio of the searches 
done on weekdays to weekends is about 1.3, indicating individual investors in US show an 
obvious search weekend behavior, here the ratio (searches done on weekdays to weekends) 
reflects the possibility. This phenomenon indicates an obvious weekend effect of search 
behavior. Two reasons may explain this phenomenon. First, weekend is the relax time. Most 
time of weekends are consumed on amusement, family or rest (Ryan et al., 2010), only 
limited time is allocated on searching stock information for making investment decision. 
Second, weekend is not trading day. Usually, the investors like to search their interested latest 
information during the trading days for real-time trading since related good (bad) news can be 
reported at any time. 

 
3. Research Methodologies 
3.1. Data 

Google Trends analyzes a portion of Google web searches to compute how many searches 
have been done for the terms you've entered, relative to the total number of searches done on 
Google over time. They don't represent absolute search volume numbers, because the data is 
normalized and presented on a scale from 0 to 100. This index (search volume index) 
indicates the likelihood of a random user to search for a particular search term from a certain 
location at a certain time. 

Google Trends only provide the daily data for a period of less than three months, when the 
period over three months Google Trends only provide weekly data. In order to get a long 
period of daily data, we divide every year quarterly and use the function “compare time 
ranges” (the maximum number of time ranges is 5) of Google Trends putting these four 
quarters together to get the daily data of a year (the data from Google Trends is comparable 
only in the same window), figure 1 shows how to get daily search volume index of 2011.  

 



 
Figure 1: Daily search volume index from Google Trends 

 
In order to collect enough search volume data (Google Trends designates a certain 

threshold of traffic for search terms, so that those with low volume won't appear, especially 
the daily level search volume data) from Google Trends, we focus on the stocks have ever in 
S&P 500 Index (the most famous and popular stocks) during the period 2010~2013. A 
crawler is developed to retrieve the daily search volume data of 2010, 2011, and 2012 
respectively using stock ticker following Da et al. (2011) and Mondria & Wu (2011). The 
stock prices, returns, turnover, market capitalization, and related variables are obtained from 
WRDS. We then delete the stocks which have data missing of SVI or financial data, at last, 
247 stocks are picked out as our research sample. The variables used in our research are 
defined in Table 1.        

 
Table 1: Variables 

Variable Definition 
SVI Search Volume Index. Aggregate search frequency from Google Trends 

based on stock code 
ASVI Abnormal SVI. The log of SVI during the week minus the log of median 

SVI during the previous 8 weeks according to Da et al. (2011) 
Turnover Trading volume 
Cap Market capitalization  
Ret Stock return 

 
3.2. Empirical Model 

We use the empirical model in Da et al. (2011) as our base model as below: 
( 1) 1 2 3 4i t i it it it it itAR ASVI Cap Trade Retα β β β β+ = + + + + + μ                          (1) 

Where is the abnormal return of stock i at week t+1; ASVI is the key variable in this 
research, other control variables like market capitalization, trading volume, and stock returns 
are also included, all the independent variables are computed at week t.   

( 1)i tAR +

  Furthermore, we divide the searches of every week into two types: weekday searches and 
weekend searches, then we run the same regression following model (1) using the weekday 



searches and weekend searches, respectively.  
( 1) 1 2 3 4( )i t i it it it it itAR ASVI weekdays Cap Trade Retα β β β β+ = + + + + + μ                (2) 

( 1) 1 2 3 4( )i t i it it it it itAR ASVI weekends Cap Trade Retα β β β β+ = + + + + + μ                (3) 
 
4. Results 

We firstly replicate the results from Da et al. (2011) of every year (2010,2011, and 2012) 
respectively based on model (1) and only find an empirical relation between ASVI and future 
abnormal stock returns in 2011. Mondria & Wu (2011) also replicated the results from Da et 
al. (2011) using S&P 500 stocks during 2004 to 2009 and find no evidence of an empirical 
relation between abnormal attention and future abnormal stock returns. Da et al. (2011) 
argued that abnormal attention has a positive effect on stock returns in the next two weeks, 
which is then reversed in the future. As Da et al. (2011) noted, “In fact, we confirm through 
both a portfolio sorting exercise and regression analysis that the positive price pressure is 
only present among the smaller half of our Russell 3000 stock sample”. Thus the empirical 
relation between ASVI and future abnormal stock return may not firmly exist among the most 
large cap equities in US stock market (S&P 500 contains the 500 largest listed companies of 
US and captures approximately 80% coverage of available market capitalization).  

Are the weekend searches more influential and have a stronger impact on future stock price? 
To answer this question, we divide the searches into weekdays and weekends and run the 
same regression based on the weekdays (Monday to Friday) SVI and weekends (Saturday and 
Sunday) SVI, respectively, based on model (2) and model (3).  
     

Table 2: ASVI (weekdays) and S&P 500 Stock Returns 
 Week 1 

(1) 
Week 2 

(2) 
Week 3 

(3) 
Week 4 

(4) 
C 0.623*** 0.582*** 0.603*** 0.523*** 
ASVI(weekdays) 0.007 0.005 -0.007 -0.002 
Cap -0.060*** -0.057*** -0.059*** -0.053*** 
Trade -0.002 -0.001 0.000 0.002 
Ret 0.002 -0.001 0.004 -0.007 
N 247*43 247*42 247*41 247*40 
R² 0.0334 0.0327 0.0363 0.0348 

Note: *, **, and *** represent significance at the 10%, 5%, and 1% level, respectively.  
 

Table 3: ASVI (weekends) and S&P 500 Stock Returns 
 Week 1 

(1) 
Week 2 

(2) 
Week 3 

(3) 
Week 4 

(4) 
C 0.621*** 0.577*** 0.609*** 0.522*** 
ASVI(weekends) 0.009** 0.002 -0.006 -0.004 
Cap -0.060*** -0.056*** -0.059*** -0.053*** 
Trade -0.002 -0.001 -0.001 0.002 
Ret 0.002 -0.001 0.004 -0.007 
N 247*43 247*42 247*41 247*40 
R² 0.0336 0.0326 0.0362 0.0349 

Note: *, **, and *** represent significance at the 10%, 5%, and 1% level, respectively.  
 

The panel regression results are reported in table 2 and table 3. As shown in table 2, we 
find no evidence that the searches done on weekdays have significant effect on future stock 
price, but the results correspond to the findings of Da et al. (2011): positive in the first two 



weeks and then reverse. However, we find strong evidence of the effect of searches done on 
weekends on stock returns: the effect is significant at week 1 and disappear at week 2, then 
reverse (see Table 3). The coefficient on ASVI (weekends) is also bigger than ASVI 
(weekdays). The empirical results indicate searches done on weekends generate buy pressure 
rather than the searches done on weekdays. 

 
5. Conclusion  

This study explored the weekend effects of online searching and its impact on stock price. 
Based on daily search volume data from Google Trends and a sample of S&P 500 stocks, we 
get conclusions as following. First, searches done on weekends have greater impacts on 
future stock price than those on weekdays. Second, an increase of searches conducted on 
weekends rather than weekdays may predict higher stock price in next week. 
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